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Introduction 
 
The science of store location decision making and sales forecasting has received a huge 
degree of attention throughout retail management and retail geography research.  This 
literature has focused on the conceptualisation of techniques for determining the optimal 
location and sales, primarily of the food supermarket.  The ability to accurately forecast sales 
and identify the optimal location for stores, enables a more rigorous approach to decision 
making.  There are a wide diversity of techniques that vary in complexity –from using 
experience and a simple checklist on site visits, to analogues, gravity models located within 
Geographical Information Systems (GIS), and ultimately, neural networks.  Given the high 
sunk costs of constructing supermarkets and hypermarkets, the leading food retailers have 
developed considerable expertise in this area, forming specialised sales forecasting 
departments.  In doing so, the rate of accuracy of sales prediction has increased and 
correspondingly these large retailers have been able to make well-informed site acquisition 
decisions that have further reinforced their dominance.   
 
The sophistication of large store sales prediction is contrasted, however, with the findings of a 
wide range of studies of smaller retailers that have found that ‘location planning is often 
undertaken on the basis of subjective rules of thumb and a degree of opportunism relating to 
the availability of individual sites’ (Pioch and Byrom, 2004, 223), ‘intuition’ (Rogers, 1987) 
or ‘common sense’ (Hernandez and Bennison, 2000).  In food retailing, the traditional 
separateness of the large superstore/hypermarket sector (dominated by larger players) and the 
convenience store market (fragmented in ownership) has been mirrored in the techniques used 
for sales forecasting .i.e small store operators using simpler techniques for site location 
analysis.  However, the division between the two sectors has broken down over the past five 
years as the larger operators have made aggressive acquisitive forays (as well as ramping up 
organic growth) in the neighbourhood market that had historically been the preserve of 
smaller, and often independent, operators (see table 1).  This begs the question regarding the 
extent to which the highly quantitative and scientific methods of regression techniques, 
analogues and gravity models can realistically be applied to the localised catchments that 
make up convenience store trade areas. 
 
Local factors and small stores 
 
In this commentary we argue that the norms of site analysis that are associated with large 
scale retail units become largely redundant when dealing with neighbourhood locations, 
where micro-scale scheme-related issues and secondary shopping decisions come to the fore.  
As Stephen Brown noted over a decade ago: 
 
… the outcome of locational decisions ultimately rests on micro-scale considerations; 
that is, the appropriateness or otherwise of the precise location ….Indeed, it has often 
been said – though perhaps not enough – that a few yards make all the difference 
between success and failure in retailing (Brown, 1994, 543). 
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This has the effect of increasing the relative importance of the site visit to understand these 
unquantifiable micro-scale aspects of such small catchments.  As Andrew Tasker, the former 
Head of Location Planning at Sainsbury’s, commented to us, while superstore forecasting is 
determined by 80% in-office analysis to 20% site visit; convenience store forecasting is more 
80% site visit to 20% in-office study.   
 
There are some key issues to understand when contrasting conventional food store forecasting 
with the reality of convenience store location planning.  First, while it is logically intuitive, 
small scale issues become relatively more significant concerns in convenience store retailing.  
As the focus of analysis centres on stores < 3,000 sq ft, similar sized units provide strong 
competition.  However, commercial databases of such units are less available and, given the 
“churn” in this sector, less accurate.  In addition, the quality of individual c-stores varies 
considerably - an independent store will not necessarily have a poor quality product offer or 
store environment.   
 
Second, this emphasis on micro-scale issues means that a thorough appraisal of the proposed 
site achieves even greater importance than with large stores.  For example, an adjacency of 
associated services along a shopping parade can have disproportionate effects on a store’s 
performance.  In addition, issues such as store visibility, car parking and pedestrian footfall 
are all incredibly important especially when one considers that customers are unlikely to be 
travelling any considerable distance and therefore unwilling to devote high degrees of sunk 
costs (in terms of their time) to the shopping mission.  In short, first impressions count. 
 
Third, with the micro scale nature of convenience store catchments, the cornerstone of 
superstore gravity modelling –drivetime analysis – becomes largely redundant.  Superstores 
are conducive to statistical modelling as they are dependent on extensive catchments (often 
involving up to a 20 minute trip) and involve predetermined habitual customer visits (i.e. the 
weekly food shop). This is completely the opposite to convenience store units that are 
characterised by implusive / unplanned visits which depend upon a lower level of car borne 
trade. 
 
Fourth, there are considerable challenges in gaining and utilising data that is applicable at 
such a localised scale of inquiry.  By its very nature geo-demographic data is less precise at 
the local scale.  The Census of 2001 developed Output Areas (OAs), which consisted of 
groupings of c.100-125 households, resulting in challenges in applying it rigidly in analysis 
with stores that have limited catchments as such aggregation can have considerable 
implications for accuracy.  Given the extensive nature of superstore catchments, aggregated 
data is more suitable for use in spatial interaction models over a larger catchment.   
 
Fifth, convenience stores occupy a wide diversity of locations that make it challenging to 
identify key trade drivers to introduce to statistical models.  Such units occupy a wide variety 
of locations whether they are in stand-alone residential areas, at petrol stations on roads with a 
high traffic flow, or town centres with high pedestrian footfall.  This underlines the 
requirement to make an extensive site assessment to interpret situational complexities.  
 
Table 2 notes the key differences between superstore and neighbourhood store forecasting, 
that underline the gulf between the two scales of analysis and the challenge that operators face 
on entering the sector.  Furthermore, it suggests that the low budget approach to site 
assessment at many of the established convenience store operators may not necessarily place 
them at a disadvantage, as highly technical competencies built up at larger retailers are likely 
to be of less use at this spatial scale. 
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Conclusion – “back to basics” in store forecasting 
 
The principal question raised from this brief exploration of the challenges of convenience 
store sales forecasting is: how can small store retailers determine the viability and potential of 
sites?  The answer is likely to be a re-emphasis in the priorities of the forecast process and the 
techniques employed.  While the forecasting of large superstores can be regarded as more of a 
“science” as it was supported by highly quantitative models, the reality of small store 
forecasting is that such data rich tools are, at present, less useful, as c-store forecasting 
prowess lies more in the “art” of the analysis.   
 
The practical answer, at least in the medium term, is likely to lie in a return to the more 
elementary techniques of store forecasting analysis.  Given our argument that the focus should 
be on the site visit and localised catchment appraisal, the weighted checklist approach will 
attain increased importance.  In addition, the role of experience and the forecaster’s 
judgement will be essential.  There is also scope for analogue comparisons to tailor turnover 
expectations as existing store estates can be divided into different categories according to 
location and trade drivers; for example, whether stores are located in residential catchments, 
town centres or petrol stations.  While the variability in “type” of convenience store may 
make forecasting more difficult, it also provides an opportunity for operators to more 
accurately understand what drives success in different locations and with different customers 
via experimentation with regression.  This requires a thorough analysis of the current 
portfolio.  Overall, it is necessary for operators to essentially “re-learn” store analysis when 
investigating the complexity of the local catchment as the focus turns to the local store. 
 
Table 1: Major UK food retailer acquisitive convenience store market expansion 
 
Date of announcement Acquisition Store No. 
October 2002 Co-op of Alldays 600 
January 2003 Tesco of T&S 862 
July 2003 Co-op of Balfour 121 
January 2004 Tesco of Adminstore 45 
February 2004 Sainsburys of Bells stores 54 
August 2004 Sainsburys of Jacksons 114 
November 2004 Sainsburys of JB Beaumont 6 
April 2005 Sainsburys of SL Shaw Ltd 5 
September 2005 Tesco of Morrisons petrol filling stations 25 
October 2006 Sainsburys purchase 6 Somerfield stores 
to operate under the Local fascia 
6 
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Table 2: The difference between forecasting neighbourhood stores and superstores 
 
Superstores/Hypermarkets Neighbourhood 
Likely a large retailer – large budget for store 
location decision. 
Likely a small retailer – minimal budget for store 
location decision. 
Data rich. Data poor. 
Poor micro-scale accuracy to data. 
Use of geo-demographic and customer 
behavioural surveys aids understanding of 
current shopping patterns. 
Data on primary shopping missions largely redundant.   
Care required using neighbourhood data as often 
aggregated over 100-200 households. 
Detailed understanding of customer 
preferences, motivations and shopping 
patterns. 
Very limited understanding of customer preferences, 
motivations and shopping patterns. 
Loyalty card data aids in understanding 
customers. 
Unlikely to have the scale or technology for loyalty 
card introduction.   
Customer surveys necessary. 
Gravity model. Regression model at best. 
Overwhelming emphasis on site visits. 
Decision-making complemented by market 
penetration analysis based on food spend 
statistics. 
Market penetration analysis less appropriate for c-
stores as commonly only the “secondary shop”. 
Overwhelming reliance on car borne trade. Reliance on local residential catchment. 
Catchment analysis to 15-30 minute 
“drivetime”. 
Drivetime catchment analysis largely redundant.   
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